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Jn this paper,we comparetheinvestmentdecisionsof groups(stockclubs)and individuals.
IBoth individualsandclubsaremorelikely to purchasestocksthatareassociatedwith good
reasons(e.g., a companythat is featuredon a list of most-admiredcompanies).However,
stock clubs favor suchstocksmore than individuals, despitethe fact that such reasonsdo
not improveperformance.Wedescribewhy
importantfor groupsthan individuals.
(Reason-BasedChoice;Group DecisionMaking;

Introduction
How do decisionmakersdecideamonga largenum-
berof alternatives?We proposethat individuals and
groupswill makesuchdifficult decisionsby choosing
the alternativeswith good reasons,and we predict

thatgroups(comparedwith individuals)will demon-
stratethe strongestpreferencefor good reasons.

We define “good reasons”as argumentsor ratio-
nales that seem attractive or convincing as stand-
alone propositions. Unfortunately, good reasons
sometimesleadto badchoices.Oneof the mostbasic
insightsof researchon decisionmaking and decision
analysisis that alternativesinvolve trade-offs.Alter-
nativesthathavegood reasonsmaybe lessattractive
for other reasons—mostimportantly, becauseother
peoplealso think that such alternativesareattractive
andcompetestronglyfor them.Thus,good managers
may be expensiveand good retail locations taken. If

groupsengagein dynamicprocessesthat leadthem to
focuson alternativesdescribedby goodreasons,they
may endup choosingalternativesthat arecontested,
overpriced,or unavailable.

In this paper,we examinea situation where rea-

sonsare likely to mattera greatdealbecausedecision

social dynamicsmay makegood reasonsmore

Group Polarization)

makersconfrontmany alternatives,eachof which has
a different reasonfor selectingit. We study the stock
picks of individuals and groups (i.e., stock clubs).
There are at least three aspectsof this setting that
makeit theoreticallyinteresting.

First,the numberof alternativesthat decisionmak-
ers considerin the stock marketis much larger than
in previouslaboratorystudies,and it would be inter-

esting to know what role reasonsplay in such a
setting. There is a large numberof publicly traded
securities,andour sampleincludespurchasesof more
than 9,700 separatestocks. Thus, there are many
alternativesavailable for choice.1This contrastswith
typical researchon individual or groupdecisionmak-
ing wheredecisionmakerschoosefrom a few alter-
natives providedby an experimenter.Such research
is importantbecauseit has preciselyelucidatedkey
decisionprocesses,but it is unlikely to tell usasmuch
as we would like to know about how peoplemake
decisionswhenattentionis scarceandalternativesare
many.

‘Over oursix-yearsampleperiod,individualsmade1,021,960pur-
chasesof 9,724 different stocks;groups(stock clubs) made3,499
purchasesof 1,205 stocks.
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Second,our setting eliminatescertainmotivational
problemsthat makeit difficult to interpretwhy indi-
viduals or groups may favor good reasons.When
individuals and groupsmake stock picks, their own
money is at stake,but in mostorganizationalsettings
this is not the case. For example, in finance, some
havespeculatedthat institutionalmanagersmaypick
stocks with good reasonsbecausethey are easyto
justify to customers,e.g.,the employeeswho receive
benefitsfrom a pensionfund (Lakonishoket al. 1994).
In the economicsand organizationalliteratures,this
kind of agencyproblemariseswheneveran “agent”
makesa decisionfor anotherperson.Becauseagents
do not have their own money at stake, they may
make costly decisionsthat mostly serve to protect
themselves.In an earlierperiod, information systems
managersoften succumbedto this kind of agency
problem by buying expensiveIBM computersrather
than less expensivecompetitive productsthat were

probablyequallygood. Buying IBM provideda good
reasonfor their choicethat protectedthemif anything
went wrong—accordingto the popular saying,“No

oneever got fired for buying IBM.” Similar issuesof
agencyhavebeendiscussedin the psychologicallit-
eratureon accountability (Tetlock 1992, Lerner and
Tetlock 1999),whereresearchhas often examinedthe
behaviorof an individual who must give an account
to othersbutwho doesnot payany personalpenalty
for a baddecision.In our situation,westudythe deci-
sionsof individualsand groupswho havetheir own
money at stake, thusreducingor eliminating agency
problems.Yet,we predictthat individualsandgroups
will still preferalternativeswith goodreasonsbecause
they resolveinternalconflict and allow decisionmak-
ersto choosemoreeasilyamongmany alternatives.

Third, and most important, stock picks are inter-
estingbecausethey allow usto comparealternatives
that are equatedin value, but where somereasons
are better than others.Clearly, some companiesare
better than others—theyhavebetter strategies,bet-
ter products,and better management—sothey pro-

vide decisionmakerswith betterreasonsfor selecting
their company’sstock. However, becausethe stock
market is a market, good reasonsdo not translate

into good performance.When a companyprovides
investorswith good reasonsto selectit, theinvestors

will bid up its stockuntil theyareindifferent between
it andthe stock of a companywith reasonsthat are

less good. Thus, in the stock market, good reasons
are expensive.Numerous researchershave argued
that the U.S. stockmarketis informationally efficient
(Fama 1991). This meansthat investors cannot, on
average,earnabnormalprofitsby trading on thebasis
of publicly availableinformation suchasthat people

use to constructreasons.Indeed,in our study, good
reasonsdo not leadto superiorperformance—neither
individual investors nor investment clubs increase
their averagerisk-adjustedreturnsthroughtheir trad-
ing choices(Odean1999,BarberandOdean2000a,b).

In this paper,weexplorea situationwhereindivid-
uals and groupsmustchooseamongalargenumber

of alternatives.Eventhough individuals and groups
haveample incentives to make good decisions,we

predict that bothwill prefer stocksthat providegood
reasons(albeitat ahigherstockprice).But wepredict

that group dynamicswill systematicallylead groups
to emphasizegood reasonsmore than individuals.
Below, we review previouswork that leadsto these
predictions.

Reason-BasedChoice Among
Individuals and Groups
In this section,wereviewpreviousliteraturethat sug-

geststhat both individuals and groupsmakechoices
based on reasons.Reason-basedchoice differs in
importantwaysfrom thestandardcost-benefitcalcu-
lations of a rational utility analysis.We also review
evidencethat groups,relativeto individuals,may be
more likely to engagein reason-basedchoice.

Individuals
Whenpossible,individuals avoid making trade-offs.
They frame and reframe a decision, attempting to

find a dominantoption and, if they cannotfind one,
they may reluctantly engagein a more difficult pro-
cessof making trade-offs(Slovic 1975).Trade-offstyp-
ically requirecognitiveeffort (Payneet al. 1993), and
individuals are evenmore likely to avoid trade-offs

whenthey are emotionallydifficult (Luce et al. 1997,
1999).
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Becauseindividualsarereluctantto makethetrade-
offs that rational models assume,researchershave
suggestedmodelsof reason-basedchoicethatassume
individuals choosenot by trading off costsandben-
efits but by tallying reasonsfor one alternativever-
sus the other (Tversky et al. 1988, Simonson 1989,
Shafir et al. 1993). Individuals engagedin reason-
basedchoice are lessorientedtowardtrade-offsthan
the standardmodel of rationalchoicewould predict.
According to Shafiretal. (1993,p. 13),“Unlike numer-
ical values,which are easyto compare,conflicting
reasonsmay be hard to reconcile.”Whenindividuals
cannotconstructa good reasonto make a particular
choice, they may work to add an alternativeto their
choicesetor delayuntil a goodreasonbecomesavail-
able(Tversky andShafir 1992,Luce1998).

Of course,in mostsituations,andparticularlyin the
marketsettingwe study, it is not possibleto avoid all
trade-offsby selectinga goodreason.In thestockmar-
ket, alternativesthathavegoodreasonswill alsohave
a highprice. However,researchsuggeststhat individ-
uals may neglectto pay attentionto dimensionslike
pricewhentheyare making a difficult andpotentially
conflict-filled decision(Luce et al. 1999).Furthermore,
they may find it more difficult to evaluatewhether
theyhavepaid theright pricefor anassetthanto eval-
uatewhetherthe assethasgood reasonsto supportit
(Hsee1996,1999;Hseeet al. 1999).

Groups
Reasonsare important for individuals,but they may
be more importantfor groups.In researchon groups,
reason-basedmodelsof choicehavebeencentral,espe-
cially in the literature on group polarizationwhere
PersuasiveArgumentsTheorywasthe favoredexpla-
nation of this phenomenon(Burnstein and Vinokur
1977, Isenberg 1986). PersuasiveArgumentsTheory
assumedthat group memberspolarized their opin-
ions after group discussionbecausethey exchanged
arguments(i.e., reasons)for theirpreferredchoiceand,
on average,cameaway from the group discussion
with evenmore reasonsin favor of it. The typical
group polarization study showedthat, after discus-
sion, groupschosemore extremeresponseson a urn-
dimensionalscaleof attitudeor risk (MyersandLamm
1976,Moscovici andZavalloni1969),50 it is anextrap-

olation to assumethat they would choosedifferent

alternativesin the kind of context we study. But we
think that thelogic of PersuasiveArgumentsTheoryis

convincing,andgroupsmaybemorelikely than indi-
vidualsto choosealternativesthatare accompaniedby
goodreasons.

Anotherreasonto assumethat groupswill empha-

size good reasonsmore than individuals is work
on accountability (Tetlock 1992, Lerner and Tetlock
1999). If group membersare concernedabout main-

tainingthe approvalandrespectof their fellow group
members,they must find plausiblereasonsfor advo-
catingonealternativeoveranother.Becauseindividu-
als in groupsareaccountableto eachother, the social
dynamicsof groupsare likely to ensurethat reasons
receiveenhancedattention. As Lerner and Tetlock
(1999,p. 264) note, “a desireto avoid appearingfool-

ish in front of the audienceheightens(a) the needto
ensurethatone’schoiceis securelybasedon reasons,
andthus (b) thepreferencefor optionsthatareeasyto
justify.” Reasonsmatter,andtheymaymattermorein
the socialdynamicsof groups.

Otherevidencethat groupsmay placemoreweight
on reasonsthan individuals is that groups seemto
emphasizeprominentdimensionsof choicemorethan
individuals. When individuals choosebetweentwo
alternatives, they often place more weight on the
alternativethat ranks higheron the more prominent
attribute(e.g.,favoring “safety” in a trade-offbetween
“safety” andmoney,seeTverskyet al. 1988).Irwin and
Davis (1995) showedthat groups tend to placemore
weight on theprominentdimensionthanindividuals.

Why? Irwin andDavis (1995, p. 329) note thatgroup
membersmay prefer“noncontroversialreasoning”to
explain their choicesto eachother,and an argument
to choosethe alternativethat is higheston thepromi-
nent dimension“is both easyto explainand likely to
be acceptedby a majority of group members.”They

foundthat whenevergroups(or individuals) focused
on themoreprominentattribute,theyratedtheirdeci-
sionsaseasierto make, simpler to explain,and they
expressedmoreoverall confidencein their decision.

The researchon prominenceeffects in individual
(Tversky et al. 1988) and group choice (Irwin and

Davis 1995) is provocativebecauseit suggeststhat
both individuals and groups tend to avoid trad-
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ing off costsand benefits,preferring insteadto mar-
shal good reasonsfor one alternativeover another.
Indeed,Irwin andDavis (1995) convincingly demon-
stratethat this tendencyis moreimportantfor groups.
But the results of the prominenceexperimentsare
somewhatdifficult to transferdirectly to the situation
of stock picking becausethey tend to featurealterna-
tives characterizedby two dimensions,oneof which
is clearlymoreprominent.Stockscanbecharacterized
on many dimensions(products,management,sales,
stock returns) and it is not clear which is the most
prominent. Nonetheless,we borrow the underlying
logic of this researchto speculatethat while good
reasonswill be important for both individuals and
groups,theywill be moreimportantfor groups.

Reason-BasedChoicevs.
ConsequentialChoicein
StockSelection
Our review abovesuggeststhatboth individuals and
groups will choosebased on reasons,with groups
doing this moreso. In this section,we briefly discuss
someof the advantagesof the stock selectioncontext
for testingreason-basedchoice.

The clear alternative to reason-basedchoice
is standard consequentialistcost-benefit analysis
where insteadof tallying reasons,investorstrade-off
attributes to make a final decision. In a lab study,
we might try to find evidenceof reason-basedchoice
by creating a few experimental alternatives, then
throughextensivepilot testingwe could try to create
somealternativesfor which there is a good reason
but also an offsetting disadvantagethat is perfectly
balancedin the oppositedirection.If we couldaccom-
plish this challengingmethodologicaltask, then we
would havea clearbaselineexperimentalprediction:
Investorswho aredoing cost-benefitanalysisshould
pick randomly, becauseall options are equated in
value. If, instead,investorsfavored the alternatives
with a betterreason,this would provide evidenceof
reason-basedchoice.

In a lab study, creating a few carefully balanced
alternativeswould be difficult and creating a large
numberwould be impossible.Luckily, the stockmar-
ket does this on its own. The stock market involves
thousandsof highly-motivatedinvestorswho vote by

buying and selling stocks and who back up their
votes with money.On balance,it works to carefully

equate the advantagesand disadvantagesof vari-
ous stocksthroughthemechanismof price. Certainly,
somestockshavebetter reasons—theyrepresentbet-
ter companieswith better future prospects—butin
the market, thesestockswill havetheir pricebid up
until theyperformno betterasan investmentthan the

stocksof poorly managedfirms. Thus,the stockmar-
ket providesan interestingnaturalcontextto testhow
individuals and groupsrespondto a vast numberof
alternativesthathavebeenpreciselyequatedin value.

The best advice for most investors is to invest
in a mutual fund that mimics the performanceof
the whole stock market at low cost. However, if
indeedindividuals orclubshaveinsideinformationor
insight whenthey maketrade-offsandselectparticu-
lar stocks,thentheir decisionsshouldbeidiosyncrati-
cally drivenby their uniqueinsideinformation.Their
choices,therefore,will appearrandomandshouldnot
be easily predictablethrough public information on
overtattributesof stocks.2

Background on StockClubs
In the 1990s,peoplebecamemuch moreinterestedin
the stock market—not surprising given that annual
stock returnswere at a historic highuntil the market
downturnin 2000.At theheightof themarketin 2000,

the percentageof U.S. adultswho investedin stocks
or mutual funds was51%, a figure that had doubled
during thedecadebetween1990and2000(Harrington
2002).

Many investorschooseto pursueat least someof
their investmentswith others.According to various
surveys, the numberof Americanswho participate
in investmentclubs is between2% and 11% of the

2
Readerswho arenot accustomedto thinking abouthow markets

operatecan alsothink about this argumentby comparingmarket
participants.For everybuyer of a stock, theremustbe a seller,so

performingbetter than the marketis a zero-sumgame.In a mar-
ket composedof individuals, clubs,and institutions, institutional
investorsend up providing mostof the volume of trade,so these

large investorsend up taking the other sideof mosttrades. The
questionis whether a club or an individual canpick stocks better
thanan institutional investorwho hasvastresourcesand devotes
the full-time attentionof its employeesto picking stocks.
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population (Harrington 2002). Our description of
stock clubscomesfrom work by BrookeHarrington,a
sociologistat Brown University,whohasdocumented
the behaviorof the clubs usingboth broad-scalesur-
veys (e.g.,a surveyof 3,000of the 30,000clubs listed
with the National Associationof InvestorsCorpora-
tion) anddetailedobservationof actualclub meetings
(Harrington 2001,2002).

Stockclubs are small groups. The averageclub in
Harrington’s(2002)sampleis madeup of 15 people—
friends,relatives,or coworkerswho pool their money
to investin the stockmarket.Everymonth,club mem-
berscontribute money and meet togetherfor about
two hoursto decidehow to investit. Often, the meet-
ingsconsistof a few presentationsby individual mem-
berswho proposea specific stock to buy or sell; the
club discusseseachproposalandvoteson it.

By law, clubs areorganizedin areasonablyformal
way. They electa president,vice president,treasurer,
and secretary,and theseofficials havedutiesdefined
by law.The club owns theportfolio in common,and it
islegally equivalentto anyotherfinancialpartnership.
Theymust registerwith theInternal RevenueService
(IRS) as smallbusinesses,andthe IRSdoesnot distin-
guishbetweeninvestmentclubsandaccountingfirms
(Harrington2001).

In our analysesbelow,we comparethe alternatives
selectedby clubs and individuals, sowe would pre-
fer that club membersbe drawnfrom the samepop-
ulation as individual investors.The disadvantageof
field data is that we cannot randomly assign people

to conditions,but thereis evidencethat the members
of stock clubsaredrawnfrom the samepopulationas
individual investors.In Harrington’s(2001) data,62%
of stock club membersalso investedas individuals.
If club decisionsaremade by a majority vote as in
Harrington’s (2001) field observations,then it would
be reasonablyrare for a club’s decisionsto be con-
trolled by a majority of memberswho do not trade
as individuals. Assumea club of the averagesizein
Harrington’ssample(i.e., 15 members)who aredrawn

at randomfrom a distributionwhere62%of potential
club membersinvestindividually. The probability of
creatinga club that hasa majorityof noninvestors(8
or moreout of 15) is only 17%. Thisprobabilityranges
from 14% to 25% acrossclub sizesfrom 7 to 19. Even
if clubs werecompletelyhomogeneousand attracted

all investorsor all noninvestors,the majority of club
decisionswould still be madeby clubs composedof
individuals who also invest on their own. Thus, we
can havesomefaith that whenwe compareclubs to
individuals,we arenot solely tappingthe behaviorof

different “types” of investors.At leastin part we are
tappinghow socialdynamicsaffectthechoicesof club
memberswho also investas individuals.

Table 1 comparesthe overall portfolios and per-
formancesof clubs and individuals. Clubs invest in
more stocks than individuals, but both are heavily
underdiversified relative to standardrecommenda-
tions (whichwould requirea diverseassortmentof at
least20 stocks).In termsof performance,bothdisplay
similar grossandnetreturns.(The differencein gross
returns is not significant, and the differencein net
returns is marginally significant, although that con-
clusiondependson the methodusedto measurerisk-
adjustedperformance.)The difference in net perfor-
manceis primarily a result of highper-tradecostsfor
clubs (becausepercentagecommissionsare lower for
largetradesandclubstradesaresmaller).Overall,57%
of individuals underperformthe market (net of trad-
ing costs)asdo 60%of clubs.

Field Study
In this section,we turn to our analysesthat examine
what kinds of reasonsare favoredby clubs andindi-
viduals.Wecomparethestockpicksof clubsandindi-
viduals basedon stock characteristicsthat may pro-
vide good reasons.Below, we describeour dataset

Table 1 Descriptive Statistics for the Stock Portfolios and Perfor-
mance of Clubs and Individuals

Clubs (N = 166) Individuals

Mean Median Mean Median

Number of stocks 7.5 6.7 4.3 2.6
Value of stock held ($) 37,416 20,159 36,253 8,599
Trade size-purchase ($) 7,600 2,213 11,205 4,988
Annual turnover (%) 66.7 38.0 76.3 31.5
Gross yearly return (%) 17.0 18.7
Net yearly return (%) 14.1 16.4

Note. The gross return on an Index Fund during this period is 18.0%
(CRSP SP 500), the net return is 17.8% (Vanguard Index 500 mutual
fund). Figures for clubs are from Barber and Odean (200Gb). Figures for
individuals are from Barber and Odean (2000a).
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andthevariablesthatweusein our analysis.Then,we
presentour analysesof the effect of reasonson indi-

vidual andgroups.

StockPurchases
Ourprimary datasetcomesfrom a largediscountbro-
keragefirm and containstheinvestmentrecordsfrom
78,000 clients over a six-yearperiod (February 1991

throughDecember1996).The dataset containsa ran-
dom sampleof clients with openaccountsat this dis-

count brokeragefirm during this period(see Barber
and Odean2000a, for a completedescriptionof the
dataset).Of theseclients,thevastmajorityareindivid-
uals,but166 are identified asinvestmentclubs.Below,

we comparehow investmentclubs and individuals
choosecommonstock(i.e., thestockof companiesthat
arepublicly traded).3

Firm Characteristics
To understandwhether clubs and individuals select
stocksbasedon reasons,weselectedanumberof vari-

ablesthat we expectedto serveasproxiesfor various
reasonsinvestorsmight investin stocks.Our single
best proxy for a good reasonis the “most-admired
companies~~variable.

Most-Admired Companies.Our ranking of ad-
mired companiescomes from Fortune magazine’s
annualsurveyof America’smost-admiredcompanies.

Eachfall, Fortune surveys thousandsof executives,

outsidedirectors,andfinancial analysts.Participants
ratefirms on eightattributes(quality of management,

quality of products,innovation,valueas a long-term
investment,financialsoundness,talent of work force,

communityandenvironmentalresponsibility,anduse
of corporateassets).Fortune calculatesan overall rat-
ing of eachcompanyby averagingthe scoreson the

eight attributes.The results of the survey are pub-

~ do not examine investments in mutual funds, American
depositoryreceipts,warrants,or options. The clubs made 7,559
tradesin all securities;commonstocksaccountedfor slightly more
than80% of thosetrades.The individual investorsmademorethan
1.8 million trades; common stocks accountedfor slightly more
than60%.

lishedin theearlypart of eachyear (no later than the

first week of March during our sampleperiod).4

We do not assume that investors look up the
“admired ranking” of their investmentsin Fortune
magazine,but we regard this variable as the best
proxy for reasonsthat are available in the business
environment—itrepresentsa surveyof thousandsof
industry insiders who rate each companyon mul-
tiple dimensions(management,innovation, financial
soundness,etc.), so the aggregaterankingsprovide
a summary of the “reasons” available to thousands
of knowledgeableobservers.Presumably,whenever
investors have direct contact with a company, or
wheneverthey receive information from an indus-
try participantor news source,they will receivebet-
ter reasonsfor investingin companiesthat aremore
admired.

Financial Variables
In addition to the most-admiredcompanyrankings,
we also includeanumberof financialvariables.Some

of these may also contribute to good reasonsfor
investing,but our predictionis not as stronghere as
for the admired company rankings. In general, we
includethesevariablesto controlfor otherfactorsthat
might makeit lesseasyfor usto interpretthe effectof
the “most-admired”rankingsabove,but of the finan-
cial variables,thetwo bestproxiesfor goodreasonsare
probably stock returnsand growth in sales.We also
include a numberof otherfinancial controlsthat may
serveas proxies,not so much for good reasons,but
for pure notoriety (e.g., advertisingto sales,market
capitalization).

All of our financialvariablesaretakenfrom compa-
nies’ financialstatementsthatareannuallyupdatedin
December.Wheneverclubs or individuals purchasea

stock,weimputethevaluesof thesevariablesfrom the
prior year,becausethis is the information that is most
publicly availableat the time the stock is purchased.

Three-Year Return. This variable measureshow
muchthestockhasincreasedin valueoverthreeyears.
Essentially, it treatsthe stocklike a bankaccountand
describesthe compoundinterestratethat would have

~ thank Peter Antunovich for providing us with the data
requiredfor this analysis.
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Table 2 Descriptive Statistics on Stocks Purchased by Clubs and Individuals

Weighted equally across stocks/years Weighted by number of buys

N Mean Median SId. dev. Clubs mean Individual mean

Raw variables
Admired rank
Sales growth (%)
Three-year return (%)
Market to book
Size ($000,000)
Advertising/sales (%)

1,985
40,267
30,974
33,213
43,619
9,198

180.73
29.69
62.34

3.41
654.56

4.28

176.00
10.07
25.41

1.68
66.96

2.32

109.07
106.44
202.60

7.77
3,155.14

7.51

78.99
26.22

150.24
5.01

9,867.05
4.11

120.12
31.99

141.96
4.94

7,891.76
4.05

Percentile ranks
Admired rank
Sales growth (O/,)~
Three-year return (%)
Market to book
Size ($000,000)
Advertising/sales (%)

1,985
14,307
30,974
33,213
43,619
9,198

50.0
50.0
50.0
50.0
50.0
50.0

50.0
50.0
50.0
50.0
50.0
50.0

76.8
69.2
69.0
71.5
85.6
61.2

65.9
61.8
62.3
66.4
81.0
55.0

Note. Admired rank is from Fortunes annual survey. Sales growth is one-year percentage change in sales.
Three-year return is the compound return on a firm’s stock over the prior three years. Market to book is the
ratio of market value of equity (price times shares outstanding) divided by book value of equity. Size is based
on a firm’s market value of equity. Advertising/sales is the three-year average ratio of advertising expense to
sales. All variables are updated annually in December.

‘Percentile ranks for sales growth are based on five-year weighted sales growth ranks, not annual sales
growth (%).

beenpaid to investmentsin this stock over the three-
year window. Three-yearreturnsare the compound
returnon a firm’s commonstockover the threeyears
endingin December;stock returnsdataare from the
Centerfor Researchin SecurityPrices(CRSP).

SalesGrowth. We calculateannual and five-year
salesgrowth.This variableessentiallymeasureshow
much the companyis growing in size. Salesgrowth
does not always translate into profitability; espe-
cially in early stages,many companieswill sacri-
fice some profits to quickly grow sales and reach
morecustomers.Annual salesgrowth is the one-year
percentagechangein sales.Five-yearsalesgrowth is
calculatedas in Lakonishoket al. (1994).Specifically,
for eachcompanyfor eachof years —1 to —5, we cal-

culatepercentagechangein sales.Then, for eachyear,
we rank all firms by this variable.We computeeach
firm’s weightedaveragerank, giving the weightof 5
to its growth rank in year —1, the weight of 4 to its
growthrank in year —2, etc.

AdvertisinglSales.This variable, “advertising in-
tensity,” representshow much a companyadvertises

for everydollar of salesit generates.Thescoreson this
variablearehigher for companiesthat sell consumer
goodsratherthanindustrialgoods.Advertisinginten-
sity is measuredas the three-yearaverageof adver-
tising expensedivided by sales.Advertising expense

and salesdataare from Compustat.Comparedwith
other financial variables,companiesreport this vari-
ablemuchlesssystematicallythanthe othervariables,
soour analysesthatuse this variablenecessarilyhave
a reducedsamplesize.

Size. Sizemeasuresthe total valueof a firm’s stock
(price times sharesoutstanding).This representsthe
totalvaluethat the marketassignsto the firm’s equity.

Market to Book. Market-to-bookratios are calcu-
latedasthetotalmarketvalueof all outstandingstock

divided by the book value of the tangible, physical
assetsof the firm (net of outstandingliabilities). In
theinvestmentliterature,firms with ahigh market-to-
book ratio areknown as “growth” stocks,becausethe
stockmarketcurrently valuesthe companyhigh rela-
tive to its currentvalueon theaccountingbooks.This

essentiallyindicates that the market is emphasizing
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futurepotentialovercurrentvalue,aresponsethatcan
bejustified if a firm is expectedto grow dramatically.
Conversely,firmswith a low market-to-bookvalueare
oftencalled “value stocks,”becausethe stockmarket

is implicitly emphasizingcurrent value over future
growth. In calculatingmarket-to-bookvalue, dataon

price and sharesoutstandingcomesfrom CRSPand
dataon the bookvalueof equity from Compustat.

Table2 presentsdescriptivestatistics.Many of the
purchasedfirms areextremelysmall—morethanhalf
havemarketcapitalizationsof less than $70 million
and someregisteredno purchasesby clubs or indi-
viduals in particular years.The top part of Table 2
provides statisticsfor the variablesin terms of the
actualscales(e.g., dollars or percentages)underlying
the variables.For our analyses,wewill transformthe
variablesinto percentileranks. The statisticsfor the
transformedpercentilerankvariablesarepresentedin
the bottompart of the table.

Which ReasonsAre Good Reasons?
Beforewe turn to our analyses,we investigatewhich
of our variables are the best proxies for good rea-
sons. We askeda group of MBAs to participate in
a survey about “good reasonsfor stock selection”
and rate the six measuresin our data set on how
well they serveasproxiesfor agood reason.To clar-

ify responses,we specifieda direction on eachmea-
sure (e.g., “high three-yearstock return” or “large
size/marketcap”). Thereweretwo conditions:Some
participants (N = 21) rated the measuresbased on
“how hard it would be to argue against buying
this stock” (1 = very hard to argue againstbuying
the stock;5 = very easyto argueagainstbuying the

stock), others (N = 19) ratedthe measuresbasedon
“how good a reasonit would provide for buying a
stock” (1 = not a very good reasonto buy the stock;
5 = avery good reasonto buy the stock).

Table 3 presentsthe results of this analysis.The
two different rating scalesprovide convergingevi-
dence that three variables represent good reasons
(most-admiredrank, salesgrowth, three-yearreturn),
whereasour other variables,which we intendedas
controlvariables,do not. All threeof thegood-reason
variables are empirically indistinguishable when
viewedfrom the criteria of “reasonsto buy” a stock,

Table 3 Ratings ot How Well Measures Serve as Proxies for Good
Reasons

Measure of good reason

Good reason to buy Easy to argue against

Admired rank 3.11’ 2.28a
Sales growth 3.25a
Three-year return 2.86a 3.41c
Market to book 2.07~ 4.03’
Size
Advertising 1 5Qc 4.50’

Note. Ratings are on a five-point Likert scale. For the first column, 1 = not
a very good reason to buy the stock: 5 a very good reason to buy
the stock, and for the second column, 1 = very hard to argue against
buying the stock; 5 very easy to argue against buying the stock. Within
a column, rows with different superscripts differ by p < 0.05 by a paired
t-test.

butthey differ morewhenconsideredfrom thecriteria
of “how hard it would be to argueagainst.”Admired
rankis ratedthe hardestreasonto argueagainstand
salesgrowth is ratedmore difficult to argueagainst
thanthree-yearreturn.Thethreereasonsprobablydif-
fer on thesetwo scalesbecausetheinvestmentslitera-
tureallows measureslike “strongrecentsalesgrowth”
and “strong recentstock price returns” to be inter-
preted in either a positive way (e.g., strong recent
returnsare good becausetrendscontinue) or a con-
trarian way (e.g., what goes up must comedown).
In contrast,it is difficult to argueagainsta company
that scoreswell on all the measuresincluded in the
most-admiredrankings(see Shefrin 2001 for converg-
ing evidenceon this point). Thus,below,wewill treat
admiredrank asour singlebestproxy for “good rea-
sons” with salesgrowth andthree-yearreturnas sec-
ondaryproxies.

Do Good ReasonsProduce Good Performance?
Wenotethatwehaveanalyzedtheperformanceimpli-
cationsof each of our variables,and in eachcase,
investors would not have earned positive market-
adjustedreturnsby investingin stockswith goodrea-
sons.To analyzethe performanceimplications of the
variousreasons,we usedthe standardanalysisin the

financeliterature.The detailsof this analysisaresome-
what complex,5but the conclusionsare clear and in

We calculatedaveragemonthly returnson zero-investmentport-
folios based on each of six variables: admired rank, three-year
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linewith previousresearchthathasstudiedthesemea-

sures:Large,admired,growth firms with strongprior
three-yearstock returns and five-year salesgrowth
earnedpoor returnsduring this sampleperiod. Our
resultsare consistentwith previousresearchthatsug-
gestsstrategiesaremore likely to be profitablewhen
they are contrarian, i.e., when they bet against the
prevailing wisdom that might favor firms that are
admired,have strong past returns,etc. (Lakonishok
et al. 1994).

Univariate Results
We first analyzethe purchasesof clubs andindividu-
alsfor eachvariableseparately.Our procedureis iden-
tical for eachvariable,sowewill describethe proce-
durefor the specific exampleof theadmiredcompany
rankings.We first sort firms into decileson the basis

of their admired companyranking, and we catego-
rize the purchasesof clubs and individuals into these
deciles.We thenuse a chi-squaredtestto testthenull
hypothesisthat the proportion of all buysfalling into
eachcategoryis equalfor clubsand individuals.

This analysisis presentedin Table4. For eachvari-
able,weareableto comfortablyrejectthenull hypoth-
esis that the purchasesby clubs and individuals are
identical (ps < 0.01). Relative to individuals, clubs
buy the stocks of companiesthat are admired,have
strong three-yearstock returns, and strong five-year

growth rank, salesgrowthrank, advertising/salesrank, marketto

book and size. For the first four variables,the long side of the
portfolio is a vatue-weightedportfolio of those firms that rank in
the top 300/o of all rankedfirms andthe short sideof theportfolios
is a value-weightedportfolio of thosefirms that rankedin the bot-
tom 30%. The size and market-to-bookportfolios (which are long
big stocks and high market-to-bookfirms, respectively)are con-

structedas describedin Famaand French (1993). In all casesbut
one (advertising to sales),the zero-investmentportfolios have a
negativemeanmonthtyreturn, thoughin manycasesthesemeans
are not reliably different from zero,possibly due to our short
sampleperiod. Eachof the variablesthat we employ to construct
zero-investmentportfolios with the exception of advertising to

sateshasbeenextensivelystudied.Thenegativereturnsareconsis-
tent with prior findings. DeBondtand Thaler(1985, 1987) analyze
the performanceof portfolios formed on the basis of three-year
returns. Lakonishok et al. (1994) analyzefive-year sales growth
and market-to-bookratios.Famaand French (1992, 1993) analyze

firm size and market-to-bookratios. Sheffrin and Statman(1995)
and Antunovich and Laster(1998) analyzeadmired ranks.

salesgrowth.Of our controlvariables,theyalsoprefer
companiesthat are advertised,large, andhavehigh
market-to-bookratios.Of all the variables,clubs differ
most from individuals in their preferencefor buying
the stock of admiredcompanies.Among companies
withadmiredranks,73%of club purchasesareconcen-

tratedin thetop30%of admiredcompaniescompared
with 56% of individual purchases.

Discussion.This analysisprovidessomeevidence

in favor of the idea that groups emphasizegood
reasonsmore than individuals. In Table 4, we have
rankedthesereasonsfor choosinga stock in descend-
ing order of how well they serve as proxies for
goodreasons.Thus, the fact that clubspreferhighly-
admiredcompaniesmorethanindividualsmaybeevi-
dencethat clubsweightgoodreasonsmorethan indi-
viduals.Of course,this univariateanalysismaymask
correlationsamong variables that call this interpre-
tation into question.Thus, we next use a regression
analysisto simultaneouslyexaminethe effectsof the
variables.

Multivariate Resultsfor Reasons
By focusing on eachvariable separatelyas we did
in the univariate analysis,we ignored the correla-
tion amongour independentvariables.Shefrin and
Statman(1995) andClarkeandStatman(1994)report
that admiredcompaniestend to be largecompanies
with highmarket-to-bookratios.In Table5, wepresent
the correlationsbetweenour independentvariables:
admiredrank, marketto book, size,three-yearreturn,
five-year salesgrowth,advertising/sales,and annual
salesgrowth. We also find that admiredcompanies
tend to be largerwith higher market-to-bookratios.
They also have strong three-yearreturns, five-year
salesgrowth, andannualsalesgrowth. To investigate
whetherthesecorrelationsaccountfor someof theuni-
variateresultsof the prior section,we estimatepooled
time-seriescross-sectionalregressions.

Consider the purchasesof clubs.We aggregatethe
purchasesof all clubswithin a calendaryear,thus,our
unit of observationis the stock-year.The dependent
variable in our analysisof club decisionsis the per-
centageof all club purchasesthat weremadein each
stock. For example, in 1991 purchasesof Coca-Cola
represented0.76% of all club buys during the year.
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Table 4 Univariate Analysis of the Stock Buying Decisions of Clubs
vs. Individuals

Clubs Individuals Clubs less

Number % Number % individuals (%)

Admired companies
Top 10%
2nd 10%
3rd 10%
Bottom 70%
Total

Sales growth
Top 10%
2nd 10%
3rd 10%
Bottom 70%
Total

Three-year return
Top 10%
2nd 10%
3rd 10%
Bottom 70%
Total

Market to book
Top 10%
2nd 10%
3rd 10%
Bottom 70%
Total

Size
Top 10%
2nd 10%
3rd 10%
Bottom 70%
Total

Advertising/sales
Top 10%
2nd 10%
3rd 10%
Bottom 70%
Total

500
193
93

290
1,076

720
335
236
674

1965

783
543
350

1,327
3,003

536
804
670

1,267
3,277

1,956
455
275
591

3,277

153
176
211
916

1,456

Note. The sample consists of

46.5
17.9

8.6
27.0

100.0

36.6
17.0
12.0
34.3

100.0

26.1
18.1
11.7
44.2

100.0

16.4
24.5
20.4
38.7

100.0

59.7
13.9
8.4

18.0
100.0

10.5
12.1
14.5
62.9

100.0

88,763
37,517
24,864

117,826
268,970

202,691
112,222
81,864

265,634
662,411

206,688
111,972
81,722

443,819
844,201

164,980
183,921
146,139
443,107
938,147

465,553
145,014
91,059

236,521
938,147

31,361
37,565
47,839

249,013
365,778

33.0
13.9

9.2
43.8

100.0

30.6
16.9
12.4
40.1

100.0

24.5
13.3
9.7

52.6
100.0

17.6
19.6
15.6
47.2

100.0

49.6
15.5

9.7
25.2

100.0

8.6
10.3
13.1
68.1

100.0

13.8
4.0

—0.6
—16.9

0.0

6.0
0.1

—0.4
—5.8

0.0

1.6
4.8
2.0

—8.4
0.0

—1.2
4.9
4.9

—8.6
0.0

10.1
—1.6
—1.3
—7.2

0.0

1.9
1.8
1.4

—5.2
0.0

3,499 (1,021,960) purchases of common
stocks made by 166 investment clubs (66,465 individuals) at a large
discount brokerage house between January 1991 and November 1996.
Admired company ranks are overall ranks from Fortune’s annual survey.
Sales growth represents five-year weighted sales growth, with greater
weight placed on more recent years. Three-year return is the compound
return on a firm’s stock over the prior three years and is updated monthly.
Market to book is the ratio of market value of equity (price times shares
outstanding) divided by book value of equity; firms with negative book
value of equity are excluded from the analysis. Size is based on a
firm’s market value of equity. Advertising/sales is the three-year average
ratio of advertising expense to sales. All variables are updated annually
except three-year return (updated monthly) and admired company rankings
(updated in publication months).

(Stockswith no purchaseshavea valueof zero.)Thus,
thenumberof observationsis equalto the numberof
stock-yearsfor which dataareavailable.This ranges
from 11,575,whenall stocksareincluded,to 536,when
we include only stocks with admired rankingsand
advertising/salesdata. Analogously,the dependent
variable for individual investor decisionsis the per-
centageof all purchasesby all individuals that were
madein eachstock.

The independentvariables for the regressionsare
ranksbasedon the followingvariables:admiredrank,
market-to-book ratio, size, three-year return, sales
growth, and advertising/sales.We useranks to min-
imize the effect of outliers, and we rank eachvari-
able so that results consistentwith our hypotheses
would result in a positive coefficient (e.g., the least-
admiredcompanyreceivesa rankof one).Notethatby
rankingall variables,we makeit easyto comparethe
magnitudeof coefficientsacrossdifferent underlying
variables.

One complicationwe face in theseregressionsis

that datafor somevariablesaremissing.If werequire
dataon all the independentvariables,our samplesize
dropsfrom morethan 40,000firm-years (seeTable2)
to only 536 firm-years. Two variablesare responsible
for mostof this drop: admiredrankingsand advertis-
ing/sales.On admiredrankings,the numberof firms
rangefrom 283 in 1992 to 392 in 1996.On advertising
intensity,lessthan20% of all listedfirms reportadver-
tising expenditures.As a result,we estimatefour sep-
aratepooledtime-seriesregressions.In thefirst,wedo
not requiredataon advertisingintensity and include
an admireddummyvariable,which takeson avalue
of onewhena firm doesnotreceivean admiredrank-
ing;6 in the second,we add advertising-to-salesdata;
in thethird, werequireanadmiredranking(thuselim-
inating the needfor the admireddummy) and drop
therequirementof advertising-to-salesdata;andin the
fourth, we requireboth advertising-to-salesdataand
an admiredranking.

Wepresenttheresultsof theseregressionsinTable6.
The dependentvariablefor the regressionis the pro-
portion of buys by clubs (Panel A), the proportion

6 In the first regression,firms without an admired ranking are

assignedthemeanadmired ranking (of 180).
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Table 5 Spearman Rank Correlations Among Firm Characteristics

Admired rank Market to book Size

Admired rank
Market to book 0.388’ (1,689)
Size 0.512’ (1,853) 0.304’ (33,213)
Three-year return 0.332’ (1,786) 0.413’ (24,060) 0.412’ (30,898)
Five-year sales growth 0.281’ (1,355) 0.256’ (11,781) 0.093* (12,645)
Advertising/sales 0.081 (693) 0.119’ (7,125) 0.042’ (7,836)
Annual sales growth 0.197’ (1,764) 0.311’ (32,355) 0.102’ (33,463)

Three-year return Five-year sales growth Advertising/sales

0.137* (12,404)
—0.016 (7,066)

0.300’ (24,239)
0.032 (4,253)
0.165’ (12,910) 0.013 (8,086)

Note. Admired ranks are overall ranks from Fortune’s annual survey (a rank of 1 represents the lowest ranking). Market to book is the ratio of market
value of equity (price times shares outstanding) divided by book value of equity. Size is based on a firms market value of equity. Three-year return
is the compound return on a firm’s stock over the prior three years. Five-year sales growth represents five-year weighted sales growth ranking, with
greater weight placed on more recent years. Advertising/sales is the three-year average ratio of advertising expense to sales. Annual sales growth is the
percentage change in sales. All variables are updated annually in December. (Number of observations is in parentheses.)

‘Significant at the 1% level.

of buys by individuals (Panel B), and the differ-
encebetweenthese two proportions (PanelC). Our
hypothesespredictdifferencesin thebuying behavior
of groupsrelative to individuals, thus, the resultsof
PanelC are the mostdirect testof thesehypotheses.
Theseresults are generallyconsistentwith our pre-
dictions: relativeto individuals, clubspreferadmired
firms with more dramatic salesgrowth and stock
returns. Though the statistical significance of some
variablesdependson the form of the regression,the
generaltenorof the resultsis consistentacrossregres-
sion models.In particular, the importanceof a firm’s
admired ranking in predicting the different prefer-
encesof clubs and individuals is quite robust to the
specificationof our regressionmodel.

Note that the coefficient on most-admiredrank,
which is our bestproxy for a good reason,is always
greater than the other coefficients in our analysis
(oftenby a factor of 10 or more).To further investigate
thiseffect,weranajoint testwherethenull hypothesis
was that this coefficientis identical to the coefficients
on the othervariables.In general,the resultssuggest
that mostadmiredrank is significantly more impor-
tant than the other variables. In the first and sec-

ond regressions,this hypothesiscan be rejectedfor
clubs, individuals, and the differencebetweenclubs
and individualsataprobabilityof p <0.01.In thethird
regression,thehypothesiscanberejectedfor clubsand
individuals at p <0.01, and for the differenceat p <

0.05. For the fourth regression,the hypothesiscanbe
rejectedfor individuals(p <0.01),clubs (p < 0.05),and

the result is marginally significant for the difference
(p = 0.085). In sum, thereis evidencethat admired
rank,ourbestproxyfor goodreasons,is amoreimpor-

tant variable than any of the other variablesin our
analysis.

Discussion. As with the univariate results, the

regressionsin Table 6 suggestthat reasonsmatter
for both groups and individuals, but matter more
for groups. Consider,for example,that both groups

and individuals aremore likely to selectcompanies
with strong five-year salesgrowth, evencontrolling

for othervariablesthatserveasproxiesfor basicfamil-
iarity like advertisingintensity. However, clubs and
individuals do not necessarilydiffer in their approach

to salesgrowth in PanelC afterwe control for adver-
tising intensity.

Theresultsfor admiredrankindicatethatgood rea-

sonsare more important for clubs than individuals,
evenaftercontrolling for all other reasons.If we had
not controlledfor size,advertisingintensity,andother

variables,then this might be interpretedasa simple
effect of availability. However, theseother variables

ought to control fairly well for whetherpeoplehave
simply heardabouta company.Our analysissuggests

that the companiesthat are most likely to generate
good reasonsaredifferentially likely to be selectedby

groupsratherthanindividuals.
The National Association of Investment Clubs

(NAIC) lists “invest in growth companies”as oneof
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Table 6 Club and Individual Stock Purchases Regressed on Firm Characteristics

Purchases of all

Observations 11,575

Panel A: Investment clubs
Intercept —147.7135 (—16.14)”
Admired rank 3.6920 (27.03)”
Sales growth 0.3806 (8.29)”
Three-year return 0.0913 (1.73)
Market to book 0.2662 (4.79)”
Size 0.3260 (6.77)”
Advertising/sales
Admired dummy —76.1124 (—17.36)”
Adjusted B-squared 0.138

stocks Purchases of stocks with admired ranking

3,466 1,289 536

—204.5344 (—9.76)”
4.5156 (16.25)”
0.3289 (2.95)”
0.1245 (1.00)
0.2230 (1.67)
0.5885 (4.76)”
0.2469 (2.38)’

—75.9533 (—7.56)”
0.175

—482.8512 (—4.48)”
2.3407 (5.57)”
2.3773 (5.82)”
0.6176 (1.29)
1.3222 (2.62)”
2.6475 (2.19)’

—
0.127

—805.7696 (—3.42)”
3.1574 (4.14)”
2.1 545 (2.70)”
0.8308 (0.92)
0.3096 (0.31)
5.9591 (2.22)’
0.7942 (1.22)

0.122

Panel B: Individual investors
Intercept —32.1626 (—5.39)”
Admired rank 1.4977 (16.82)”
Sales growth 0.2005 (6.70)”
Three-year return —0.0046 (—0.13)
Market to book 0.1858 (5.13)”
Size 0.3345 (10.66)”
Advertising/sales
Admired dummy —65.2681 (—22.83)”
Adjusted R-squared 0.133

—60.7958 (—4.75)”
1.8914 (11.14)”
0.2495 (3.66)”
0.0949 (1.24)
0.1187 (1.45)
0.4592 (6.07)”
0.1130 (1.78)

—68.7096 (—11.19)”
0.178

—394.4383 (—5.57)”
0.81 21 (2.94)”
1.2674 (4.72)”

—0.1871 (—0.59)
0.2315 (0.70)
4.1 056 (5.16)”

—
0.072

—709.4601 (—5.04)”
0.7842 (1.72)
1.9408 (4.07)”
0.6276 (1.16)

—0.4435 (—0.73)
7.0131 (4.36)”
0.2930 (0.75)

0.109

Panel C: Investment clubs less individual investors
Intercept —115.5509 (—17.90)”
Admired rank 2.1943 (22.77)”
Sales growth 0.1801 (5.56)”
Three-year return 0.0959 (2.58)”
Market to book 0.0803 (2.05)’
Size —0.0086 (—0.25)
Advertising/sales
Admired dummy —10.8443 (—3.51)”
Adjusted R-squared 0.057

—143.7386 (—9.87)”
2.6241 (13.59)”
0.0794 (1.02)
0.0296 (0.34)
0.1043 (1.12)
0.1293 (1.51)
0.1 339 (1.85)

—7.2437 (—1.04)
0.072

—88.4128 (—1.30)
1.5286 (5.78)”
1.1100 (4.31)”
0.8047 (2.66)”
1.0906 (3.43)”

—1.4581 (—1.91)

0.110

—96.3095 (—0.66)
2.3732 (4.98)”
0.2136 (0.43)
0.2033 (0.36)
0.7531 (1.19)

—1.0540 (—0.63)
0.5012 (1.23)

0.087

Notes. The dependent variable is the proportion of buys by clubs (Panel A), proportion of buys by individuals (Panel B), and proportion of buys by clubs
less the proportion of buys by individuals (Panel C). Proportion of buys is calculated by year as the number of buys of a particular stock (e.g., IBM)
by all clubs (or individuals) in our data set divided by the total number of buys for all stocks. Admired ranks are overall ranks from Fortune’s annual
survey. Market to book is the ratio of market value of equity (price times shares outstanding) divided by book value of equity. Size is based on a firm’s
market value of equity. Three-year return is the compound return on a firm’s stock over the prior three years. Sales growth represents five-year weighted
sales growth, with greater weight placed on more recent years. Advertising/sales is the three-year average ratio of advertising expense to sales. When
regressions are estimated using firms without admired company rankings, firms with missing rankings data are assigned the median admired rank (180)
and admired dummy takes on a value of one. All independent variables are based on ranks to mitigate the effect of extreme observations. All coefficients
have been multiplied by 100,000 to eliminate leading zeroes. (t-statistics are in parentheses.)

‘p <0.05, “p <0.01.

its principles of investing (O’Hara and Janke1996, it would not explainwhy clubs prefer admiredcom-

p. 16). Thus, if many of our clubs aremembersof the paniesaftercontrolling for theseothermeasures.Fur-

NAIC, theymight tend to favor stocks that rank high thermore, in ancillary analyses(which are available

on our measuresof salesgrowth, three-yearreturn, from the authors),we find the samepreferencefor
andmarketto book. However,evenif this weretrue, admiredcompaniesevenafter limiting our sampleto
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firms with declining earningsor to firms with sales

growth in thebottomthird of all firms.

Experiment: Groups and
Individuals ChooseStocks
Based on previous experimental work, we have
arguedthatgroupsplacemoreweight on good ratio-
nalesthando individuals.However,becausepeoplein
our field datawerenotrandomlyassignedto investas

eitherindividualsor groups,wecannotknow whether
thereis someunderlyingdifferencebetweenthe two
setsof peoplethatmight accountfor thesedifferences.
In this experiment,werandomiyassignedindividuals
to choosesomestocks as individuals and someasa
memberof a “stock club” of threepeople.7

Method. Students in an MBA class (N = 48) par-
ticipated in an in-class “exercise on decisionmak-
ing.” They first madechoicesamongone randomly
assignedgroup of six stocksas individuals, then dis-
cusseda different setof six stocksin a groupof three
andmadea groupchoice.

Eachset of six stocks representedthreeindustries;
within eachindustry, one stock was rated as more
admiredbutalsomoreexpensive(asmeasuredby the
market-to-bookratio describedbelow) and another
stock as less admiredbut less expensive.Our key
dependentvariableis how many of the most-admired
stocksarechosenby individuals andby groups.

Materials. Stocks were selectedfrom the Fortune
magazine list of America’s most-admired compa-
nies.We surveyedindustriesfor which Fortune listed
at least 10 companiesand selectedthe secondand
ninthmost-admiredcompanyon the overall industry
ranking. We disguisedthe namesof the companies
(e.g.,listing themasComputerSoftwareA andB) and,
for eachcompany,we provided the following infor-
mation:a one-paragraphdescriptionof thecompany’s
businessfrom Yahoo! Finance(disguisedto eliminate
information thatwould clearly identify the company,
such as companyand brandnames),the market-to-
book ratio from Yahoo!, and numericalratings from
the Fortune most-admiredlist on innovation,financial

~ thankKen Taylorfor helpwith the designandadministration
of this study.

soundness,employeetalent, use of corporateassets,
socialresponsibility,quality of management,andqual-
ity of productsandservices.

As onemight expect,themore-admiredcompanies
were all more expensiveas measuredby market-to-
book ratios.The experimentalmaterialsdescribedthe
market-to-bookratio as follows: “This ratiois themar-
ket valueof thefirm’s stockdividedby its book value.
Forexample,if youbuy astockwith amarket-to-book

ratio of 2.3, you arepaying$2.30for every$1 of assets
(net of outstandingliabilities) thatarecurrently on the
firm’s books.”

Individual and GroupDecision. We randomlyas-
signedthe six pairsof companiesto oneof two lists,
and eachperson in the experimentmadedecisions
aboutonelist asanindividual andoneasamemberof
a group.Forthe groupdecisions,we gaveeachperson
thetwo stocksfrom oneindustryandthenaskedthem
to discussthe stocks and shareinformation with the
othertwo membersof their groups.After the individ-
ualsandgroupshad a chanceto considereachstock,
we askedthem to chooseonestock in eachindustry
in which to invest.

Results.Our keydependentvariableis thepropor-
tion of admiredcompanieschosenby individuals and
groups.Table 7 breaksdown the databy industry; it
shows that although individuals and groups tended
to favor admiredcompanies,thegroupsfavoredthem
more. To computean overall statisticaltest,we aver-
age acrossthe threeindustries in eachset and col-
lapseacrossthe two sets.Overall, individuals chose
the most-admiredcompanies64% of the time, while
groups chosethem 90% of the time (t(60) = 2.84,
p <0.01).

Discussion
Consistentwith our argumentandwith thepatternin
our field data,groupsfavoredstockswith good ratio-
nalesmorethan did individuals.Together,the results
of this experimentand the field data provide con-
vergingevidencefor our argumentabout the effects
of reason-basedchoice among groups and individ-
uals. Comparedwith the field data, the experimen-
tal evidenceis impoverishedbecausewe were only
able to give participantsa limited selectionof stocks
describedon only a few key dimensions(and with
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Table 7 Experiment: Percentage of Most-Admired Companies Cho-
sen by Individuals and Groups

Company set Industry

Percentage of admired
companies chosen

Individual Group

A Diversified wholesalers
Computer software
Consumer food

71 100
42 85
67 100

B Entertainment
Property and casualty insurance
Medical products

89 89
56 78
61 89

noneof their own moneyriding on the outcome of
their choices).Thefield contextpresentsinvestorswith
thousandsof choicesthat have been systematically
equatedin valueby an efficientmarket.

Nonetheless,the experimentalevidenceallows us
to eliminatethe concernthat clubschoosedifferently
than individuals solely becauseclub membersnon-
randomlysort themselvesinto clubs on the basis of
someunobservedcharacteristic(e.g., risk aversion).
In the experiment,the samestudentsmake individ-
ual and group choices,yet their decisions showed
that groupsfavor goodreasonsmorethan individuals
purely becauseof the dynamicsof a group decision.
This experimentalso eliminatesa simpleavailability
biasinterpretationof the resultsbecausethe namesof
the companieswere disguised.(We gavea separate
groupof nine MBAs the 12 different descriptionsand
askedthem to guessthe companynameswhenever
theycould. In only 2 of 108 caseswerecompaniessuc-
cessfullyrecognized.)

General Discussion
In this paper,we postulatethat good reasonsaffect
choicesmore when groups conveneto make a col-
lective decision than when individuals decide alone.
Our results suggestthat good reasonsmatter. This
effect is bestillustrated by the fact that clubs show
much greater preferencefor the stock of compa-
nies that are rated as most admired. Such compa-
nies are more likely than others to generatethe
kind of positive regardamong consumers,analysts,
andnewsreportersthat translatesinto good reasons.
Note,however,that thesegood reasonsdo not trans-

late into good performance. In our sample, large,
admired, growth firms with strong prior three-year

stock returnsandfive-year salesgrowth earnedpoor
returns(seeFootnote5).

In an interestingfield setting,theseresultsprovide
evidencefor the kind of reason-basedchoice that has
beendescribedamongindividuals (Shafir et al. 1993),
groups(BurnsteinandVinokur 1977),andindividuals

who areaccountablein a groupor socialenvironment
(Tetlock1992, Lerner and Tetlock 1999). Importantly,
ourwork alsoextendstheselaboratoryresultsby con-

sideringchoicesin a situationwherethereis amuch
richer and more complex set of alternativesthan in
the typical laboratorystudy,and in a situationwhere
decisionmakershavesubstantialpersonalresourcesat
stake.

In the following section,we consider alternative
accountsof our results and describewhy thesealter-
nativescannotfully explain the phenomenathat we
haveattributedto good reasons.

Alternative Explanations

Availability. One immediate questionis whether
we are merelydocumentingan effect of availability.
Perhapsinvestorsinvestin companiesthat are avail-
ablein memorywithoutconductinganyfurthersearch
for reasons.As a first test of “availability,” consider
the datain Table8, which reportsthe stocksthatshow
thegreatestdifferencein purchasesbetweenclubsand
individuals. While many of the companiesin Table
8 are recognizable,they would probably not rank
high in a free recallmeasureof availability. Further-
more, our experimentalresults show that knowledge
of companiesis not necessaryto documentthe fact
that groupsandindividualstendto preferstocksfrom
companiesassociatedwith good reasons.

Group Shift/Polarization. At onelevel, our empiri-
cal resultscould certainlybe classifiedasgrouppolar-
ization. Comparedwith individuals, groups choose
alternativesthat aremoreextremeon variousdimen-
sions. However,notethat this empiricaleffect differs
from the traditional group polarization effect—that
groupschosemoreextremeresponseson a unidimen-

sional scaleof attitudeor risk (MyersandLamm 1976,
Moscovici and Zavalloni 1969),not different alterna-
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Table B Stocks with Largest Difference Between Club and Individual Buys

Name Year % Club buys % Ind. buys

Merck & Co., Inc. 1993 4.87 2.52
Waste Management, Inc. 1991 2.29 0.36
Boeing Company 1991 2.29 0.71
Wal-Mart Stores, Inc. 1991 2.68 1.27
Motorola, Inc. 1995 2.89 1.57
Merck & Co., Inc. 1994 2.54 1.25
Boeing Company 1992 2.15 0.96
Wal-Mart Stores, Inc. 1993 2.89 1.74
Hewlett Packard Corporation 1996 2.23 1.09
Motorola, Inc. 1994 1.91 0.80
Merck & Co., Inc. 1992 2.87 1.81
ConAgra Foods, Inc. 1992 1.15 0.14
Biomet, Inc. 1993 1.22 0.23
Harley-Davidson, Inc. 1994 1.06 0.10

Difference
Most admired

percentile rank
Stock return

percentile rank
Three-year growth

percentile rank

2.35
1.93
1.58
1.40
1.32
1.29
1.19
1.15
1.14
1.11
1.06
1.01
0.99
0.95

99
—
96
98
98
97
95
98
97
98
99
87

88

76
86
95
92
94
29
79
91
86
84
92
91
87
90

81
95
66
97
87
81
82
95
88
80
80
88
95

tives. This sameargumentappliesto a “conservative
shift” interpretation(becausethis is a subsetof group
polarization), but it is also important to distinguish
“rhetorically safe” investmentswith a good reason

(e.g., in anadmiredcompanywith anexpensivestock)
from low-risk investments(e.g., stockswith low mar-
ketrisk).Ourresultsshowthatclubsfavor rhetorically
safestocks,notnecessarilylow-risk stocks.In financial
terms,the portfolios of clubs and individuals do not
differ in their marketrisk (i.e., beta),themoststandard
financialmeasureof riskY

Preference Aggregation Schemes.A number of
theories in psychology and economicsmight pre-

dict that groupsmay exhibit moreextremebehavior
than individuals merely becauseof the way groups
aggregatethe preferencesof their individual mem-
bers.Group choicesmaybe more extreme,for exam-
ple, becauseof a Social DecisionScheme(Davis 1973)

that acts like a majority vote, or becausethe group
respondslike the “medianvoter.” Similarly, common

informationmayplay a greaterrole in groupdecisions
simply becauseit has alreadyaffectedthe underly-
ing choicesof individuals (Gigoneand Hastie 1993,

1997). Thesetheoriessuggesta different explanation
for our resultsbecausethey do not assumethat the
group dynamicalters thekinds of reasonsselectedin

groups.

This analysisis availablefrom the authors.

Theseapproachesareeasiestto apply in the situ-
ation wherethey havebeenusedmostoften—where
individuals have well-formed preferencesacrossa
limited numberof options(e.g.,convictversusacquit
in a jury decision). In our context,thereareso many
optionsthat it is unlikely that group memberscould
take a vote and agreeon any single stock without
exchangingcopiousamountsof information.

In situations where there is no obvious correct
answer(suchaspicking stocks),group studiesoften
find that groupsgo with the majority preferenceof
their individual members(Davis 1973).To providean
empirical simulation of a majority-rule aggregation
procedure,weexploredwhatwouldhappenif weran-
domly assembledstock clubs from setsof individual
investors. Would the membersof thesestock clubs
alreadyhold any stock in their individual portfolios
about which a majority would agree?We picked a
point in time (December1996), and simulated the

overlappingstock ownership that could be expected
in a club of 15 members(the averagestock club size
in Harrington’s2001 survey).Wecreated10,000simu-
latedclubscomposedof randomlysampledindividual
investorsfrom our datasetandcomparedtheoverlaps
amongthe stocks they held. The results of this sim-
ulation are reportedin Table9. It providesno reason
to suspectthat a majority-ruleaggregationprocedure
plays a largerole in our data.On average,simulated
club membersown 83.02stocksin total, and93.3% of
stockswereheldby only oneindividual. In the 10,000
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Table 9 Probabilities of Overlapping Stock Ownership Among Simu-
lated Club Members

n
Probability that a stock will be
held by n/iS club members

1 0.932
2 0.058
3 0.008
4 0.001
5 0.00017
6 0.00002
7 0
8 0
9 0

10 0
11 0
12 0
13 0
14 0
15 0

Notes. Above are the results of simulating 10,000 randomly selected clubs
of 15 members, the average stock club size in Harringtons (2001) survey.
We randomly select individuals in our data set in December 1996 to form
simulated clubs. We then compare the overlaps among the stocks the
individuals in each simulated club held on that date. On average, the
members of each of these simulated clubs held 83.02 stocks in total. The
table reports the probability that the same stock is held by n/iS members.

simulatedclubs,therewasnever a casewheremore
than six membersof the club held a stock in common
soasimplemajority-ruleprocedurecannotaccountfor
the choiceswewitness.Indeed,thechancesof having
evena third of club memberswho ownedaparticular
stockis approximately2 in 10,000.Thus,simplegroup
aggregationschemesareunlikely to drive our results.

We could makea similar argumentto contrastour
findings with the results of hiddenprofile tasksthat
show that group discussiontends to focus on infor-
mationthatall groupmembersalreadysharein com-
mon (Wittenbaumand Stasser1996). In our context,
informationis unlikely tobe sharedin common.So, to
explain the effectsof group dynamics,we must con-
siderhow reasonsaretradedin an activeprocess,not
simply how groupsaggregatethepreexistingprefer-
encesor information of their members.

Conclusions
The finance literature has sometimesassumedthat
good reasonswould be important, but it explained

this assumptionthroughagencyproblemsratherthan
the psychologicalmechanismwe favor. Lakonishok
et al. (1994) argue that both individual and insti-
tutional investors (e.g., the managementteams that
run pension funds) may focus on “glamor stocks”
(i.e., the stockswe havereferredto asgrowth stocks)
rather than value stocks. They show that control-
ling for all the standardfinancial measuresof risk,
value stocks outperformgrowth stocks,a result that
is inconsistentwith classic versionsof efficient mar-
kets but consistentwith the notion that investors
differentially prefer growth stocks and overpay for
them.

Lakonishok et al. (1994, p. 1576) note that many
actorsmight prefergood reasons,for example,“insti-
tutions might prefer glamor stocks becausethey ap-
pearto be ‘prudent’ investmentsandhenceareeasy
to justify to sponsors.”We agreethat good reasons
are important, but Lakonishok et al. (1994) empha-
size an agencyproblem that we find implausiblein
our results (e.g., justificationto sponsors).Club mem-
bersput their own money at stakeand their fellow
memberscaneasilymonitor how their recommenda-
tions perform, so club memberswho endorsea par-
ticular stock haveincentives to endorsewisely. Our
datasuggestthat socialdynamicsin general,not just
in agency relationships, place a premium on good

reasons.
In many contexts,it is reasonableto select an al-

ternative characterizedby good reasons—thebest
reasonssometimescorrespondto the best alterna-
tives. But this is notalways the caseand it is not the
case in the market setting we study. Decision analy-

sis presumes that peoplewill make better decisions
if they confront trade-offsand make them system-
atically, and the technology of decision analysis is
designedto give peopletools to do this. But without
such tools, decision makersmay find it more natu-
ral to try to evaluate the quality of a reasonthan to
weigh thecostsandbenefitsof a complexalternative
(Luce et al. 1999,Hseeet al. 1999).Especiallyin situa-
tionswherepeoplemustexchangereasonsto convince
others—e.g.,in agroupdecisionor in thesocialmar-
ketplaceof ideasmorebroadly—theprocesswe docu-
ment may yield alternativesthat havenotabledisad-
vantagesbut that happento comeattachedto agood
reason.
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